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e Associations should
strengthen with exposure
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What do we need?

e Associations that weaken
with fanji

* Never be inhibitory
(unless desired)

Associative Strength
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e Fanji growth is
unbounded

e Fan can grow quite large
for some chunks

+ States

Associative Strength

* Visual properties

* 5ji quickly becomes
inhibitory

e Can be catastrophic

* Smax becomes a breaking
point between models
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Back to the Future

e Update 4.0 equations and mappings to match pattern 6.0
e Associations defined by production-level co-occurrence

e Subsumes containment associative links

e Have looked at associations across a single buffer (retrieval
priming retrieval, ala Richard Young)
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